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1 Introduction

Over the past two decades, housing affordability has emerged as a central concern in many

advanced economies. Stagnating real incomes, rising house prices, and tighter lending stan-

dards have made homeownership increasingly difficult to attain, particularly for young and

lower-income households. This has led to growing reliance on intergenerational transfers

as a means of accessing homeownership: surveys suggest that up to 40 percent of first-time

buyers (FTBs) receive financial assistance from parents or other family members (Santander,

2019).1 Because homeownership is a primary vehicle for wealth accumulation, the growing

reliance on parental support raises concerns about deepening inequalities—where access in-

creasingly depends on family resources. These developments pose a natural question: can

public policy help lower the down payment barrier and broaden access to homeownership?

We study this question in the context of the UK Help-to-Buy (HTB) program, launched

in 2013 to support households who could afford mortgage payments but lacked sufficient

savings for the down payment. The program re-opened the 95 percent loan-to-value segment

(henceforth “95 LTV”) and enabled purchases with a 5 percent down payment instead of

the 10 percent required at the time. We show that expanding access to high-LTV credit

increased FTB activity and shifted the composition of entrants toward households without

outside financial support, likely reflecting reduced dependence on family transfers. Because

unsupported households tend to have higher incomes, the local income distribution of new

buyers shifted to the right.

Our empirical strategy exploits differences across districts in their ex ante exposure to

HTB. Following Tracey and Van Horen (2021), we measure exposure using the share of

low–down payment mortgages originated between 2005 and 2007, a period when such mort-

gages were widely available.2 This measure captures cross-district differences in pre-crisis

reliance on high-LTV mortgages. As this measure is based on pre-policy borrowing patterns,

it is plausibly exogenous to HTB and reflects latent credit constraints at the time the policy

restored access to high-LTV loans.

We estimate difference-in-differences models over 2009–2018, comparing trends in FTB

purchases across districts with high and low exposure before and after HTB. The key as-

sumption is that, absent HTB, these districts would have followed parallel trends. To

strengthen identification, we include district and region–year fixed effects and interact pre-

1Brandsaas (2021) estimates that parental transfers account for 31 percent of homeownership rates of
young adults in the US.

2Low–down payment mortgages are loans with down payments below 10 percent. These mortgages are
also referred to “5 percent down payment” or “95 LTV” mortgages, since UK mortgage pricing causes down
payments to cluster at 5 percent (see Section 2).
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policy housing-market and socioeconomic characteristics with time dummies. We also esti-

mate models with district–year fixed effects, check for parallel pre-trends, and confirm that

the timing of the effects aligns with the policy’s introduction. In addition, we show that

results hold in a propensity-score matched sample.

Our analysis uses administrative mortgage-level data from the FCA’s Product Sales

Database (PSD), which covers the universe of regulated UK mortgage originations. PSD

records include loan characteristics (amount, down payment, date, property location), as

well as borrower characteristics (age, income, employment status, and whether the borrower

is a FTB or mover). These data allow us to track mortgaged FTB purchases over time

and across space, construct our exposure measure, and develop a novel loan-level proxy for

whether buyers relied on external funds to meet their down payment.

A key challenge in studying how credit constraints affect who buys is that data on trans-

fers from family or other external sources are not observed. To address this, we use the

mortgage records and compare a household’s actual down payment with an estimate of their

potential savings, based on age, income, and a conservative savings rate. If the observed

down payment exceeds this benchmark, we classify the household as “financially supported”.

This measure is similar to that outlined by Rostom (2023) in a blog post that examines the

importance of the “Bank of Mum and Dad” in the UK mortgage market.

This proxy offers a tractable way to identify buyers unlikely to have financed their down

payment from their own savings. In our data, FTBs with lower incomes and those taking

out lower-LTV mortgages are more likely to have received support. These patterns align

with survey evidence that transfers are more common among households with lower current

income (Engelhardt and Mayer, 1996; Cox, 1990), and with evidence that children whose

parents extract housing equity tend to take out lower-LTV loans (Benetton et al., 2022).

Although the measure cannot pinpoint the precise source of external funds, it provides a

useful basis for testing whether easing down payment constraints shifted entry toward buyers

who appear less reliant on transfers.

We document two main results. First, HTB generated a marked increase in FTB activity

in more exposed districts. In areas with average exposure, FTB purchases rose by roughly

37 percent relative to 2012, consistent with down-payment constraints being a key barrier

to entry (Ortalo-Magne and Rady, 2006). Before HTB, purchase trends were similar across

high- and low-exposure districts; the divergence appears only after the policy was introduced.

Using within-district variation, we show that the effect is concentrated in mortgages with 5

percent down payment, confirming that the response reflects the reopening of the 95 LTV

market. The results are robust to excluding London, using a propensity-score matched

sample and controlling for the LTI cap introduced in 2014.
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Second, the composition of new buyers shifted. In high-exposure districts, unsupported

buyers—those unlikely to have received financial help—increased sharply, while supported

buyers showed no significant response. In areas with average exposure, mortgage originations

by unsupported FTBs rose by 47 percent relative to 2012. The number of supported FTBs fell

by roughly 11 percent, but this decline is statistically insignificant. Because unsupported

buyers tend to have higher incomes, this shift also moved the overall income distribution

of new entrants to the right, reflecting the entry of households that were income-rich but

liquidity-constrained.

These findings underscore the importance of down payment requirements in shaping

who is able to buy a first home. High down payment thresholds disproportionately exclude

households without access to outside funds. By reopening the 95 LTV segment, HTB lowered

this barrier and enabled households with sufficient income but limited liquid assets to enter

homeownership. Our proxy cannot identify the precise source of external funds and should

be interpreted broadly as reliance on resources beyond a buyer’s own savings. In practice,

however, parental transfers (the “Bank of Mum and Dad”) are the dominant source of

support for UK FTBs. The shift we document therefore most likely reflects a reduced role

of family wealth in determining access to homeownership.

Our study relates to the literature on borrowing constraints and homeownership. Early

studies document that limited wealth reduces the likelihood of becoming an owner even

when households can afford mortgage payments (Linneman and Wachter, 1989; Haurin et

al., 1997). More recent survey evidence confirms that liquidity, rather than income, is the

binding hurdle for FTBs (Fuster and Zafar, 2016, 2021).

When households cannot meet down payment requirements from their own savings, inter-

generational transfers can provide the margin that enables purchase. Prior work shows that

access to parental wealth influences not only the likelihood of becoming a homeowner but

also the type of home acquired, raising concerns that homeownership increasingly depends

on family background rather than individual resources (Engelhardt and Mayer, 1996; Cox,

1990; Charles and Hurst, 2002; Blanden and Machin, 2017; Benetton et al., 2022; Brand-

saas, 2021; Blickle and Brown, 2019; Bond and Eriksen, 2021). Our contribution is to show

that this channel itself responds to policy: when down payment requirements are eased, the

importance of transfers in facilitating entry declines.

This links our paper to the small but growing literature on how macroprudential policy af-

fects homeownership. Recent studies find that tighter credit limits reduce entry, particularly

among younger and lower-income households, and push borrowers toward cheaper homes in

less desirable locations (Acharya et al., 2022; Peydro et al., 2024; Carozzi, 2020; Van Bekkum

et al., 2025; Tzur-Ilan, 2023). Closest to us, Bolliger et al. (2025) study Switzerland’s 2012
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macroprudential package, which reduced the prevalence of high-LTV lending, and using Bern

tax records show modest declines in transitions into ownership alongside greater reliance on

bequests. We instead analyze a large-scale expansionary intervention that explicitly re-

opened the 95 LTV market. Exploiting geographic variation in exposure and introducing

a proxy that makes transfer reliance observable in administrative mortgage data, we show

that HTB not only produced a quantitatively large increase in entry, but also that it re-

allocated homeownership away from supported buyers toward unsupported, higher-income

households.

The remainder of the paper is structured as follows. The next section discusses the

policy background. Section 3 describes the data. Section 4 outlines the empirical strategy

and discusses our measure of financial support. Section 5 reports the results. Section 6

concludes.

2 The UK Help-to-Buy Program

Help-to-Buy (HTB) was first announced in March 2013 as part of the UK budget. Its key

feature was to re-open the 95 LTV segment of the mortgage market, enabling households to

purchase a home with only a 5 percent down payment. At the time, lenders were highly reluc-

tant to issue loans below the 10 percent threshold, effectively shutting out many households

who could afford mortgage repayments but lacked sufficient savings for the down payment.

The policy was explicitly targeted at these liquidity-constrained households, with the Chan-

cellor stating that it was designed for “anyone who can afford a mortgage but can’t afford a

big down payment” (Chancellor of the Exchequer, 2013).

HTB included two schemes that shared a 5 percent down payment requirement but

differed in design and scope. The Equity Loan (EL) scheme, offered from 1 April 2013 to

31 December 2020, was available for both FTBs and home movers (but excluded buy-to-

let or second home mortgages) and applied to new-build properties priced below £600,000
(£300,000 in Wales). Borrowers contributed a minimum 5 percent down payment, while the

UK government provided an equity loan of up to 20 percent of the property value (40 percent

in London from 2016). The remaining share was financed by a conventional mortgage. The

equity loan was interest-free for the first five years. Eligible HTB mortgages had to be capital

repayment loans (not interest-only or offset), and could not exceed a loan-to-income (LTI)

ratio of 4.5.3

3The EL scheme also loosened the income constraint, since the equity loan did not count toward the
LTI ratio, allowing buyers to purchase more expensive homes (Benetton et al., 2021; Finlay et al., 2016).
However, Finlay et al. (2016) document that the down payment - not income - was the binding constraint
for most prospective buyers. In line with this, Tracey and Van Horen (2021) show that average incomes of
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Figure 1: Number of Low- and High-Down Payment Mortgages

Notes: The figure shows the number of low- and high-down payment mortgages before and after HTB was
introduced.

The Mortgage Guarantee (MG) scheme, available from 1 October 2013 to 31 December

2016, applied to all properties priced under £600,000 and was not restricted to new builds.

Under MG, the government provided lenders with a guarantee covering up to 20 percent of

the property’s value in exchange for a fee, so that from the lender’s perspective the loan

carried the risk of a 75 percent LTV mortgage. Participation by lenders was voluntary, but

virtually all major banks joined. A full summary of the two schemes and their requirements

is provided in Table A.1 in the Internet Appendix.

The design of both schemes addressed the main constraint facing FTBs: the need to

accumulate a large down payment. Prior work has shown that down payment requirements

are typically the binding constraint for these households, rather than their ability to service

monthly payments (Linneman and Wachter, 1989; Fuster and Zafar, 2021). By reducing

the minimum required down payment from 10 to 5 percent, the policy change implied a

substantial rise in affordability: with the same amount of savings, buyers could now afford

homes of twice the value.

The importance of this product segment for FTBs is evident in the aggregate data.

Before the financial crisis, mortgages with a 5 percent down payment accounted for about

EL and MG borrowers were similar.
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Figure 2: Down Payment Distribution Among FTB Mortgages

Notes: The figure shows the share of first-time buyer mortgages by down payment size in the pre-HTB
(2009-2012) and post-HTB (2013-2018) exposure periods.

45 percent of all FTB loans. When lenders withdrew from the 95 LTV market after 2008,

total FTB activity dropped sharply, despite relative stable volumes in higher-down payment

mortgages. HTB’s reintroduction of 95 LTV loans in 2013 triggered a sharp rebound in

both 5 percent mortgages and overall FTB purchases. As shown in Figure 1, movements

in FTB transactions track closely the availability of 5 percent down payment mortgages.

Indeed, variation in this segment alone explains roughly two-thirds of the variation in FTB

mortgages between 2005 and 2018.

Evidence that HTB primarily enabled liquidity-constrained buyers comes from the dis-

tribution of down payments before and after the program. UK mortgage rates notch sharply

at discrete thresholds (5, 10, 15 . . . 40 percent; Appendix Figure A.1), creating strong in-

centives for borrowers to bunch at these cutoffs (e.g., Best et al., 2020; Robles-Garcia, 2019).

Prior to HTB, there was virtually no lending at 95 LTV. After the program’s introduction,

a pronounced spike emerged (Figure 2). Since borrowing costs rise steeply above 90 LTV,

households able to contribute a 10 percent down payment had little incentive to select a 95

LTV mortgage. The new bunching at 95 LTV is therefore most plausibly attributable to

liquidity-constrained households, either those previously excluded altogether or those unable

to buy their preferred property without the lower down payment.

7



These aggregate patterns suggest that HTB was successful in opening up the mortgage

market for liquidity-constrained FTBs. To examine whether and how the policy changed

the composition of new entrants and altered the role of transfers in entry, we introduce a

novel proxy for financial support and construct a counterfactual by focusing on geographic

differences in exposure to HTB. The next section describes the data underlying our analysis,

before turning to the empirical methodology in Section 4.

3 Data

For our analysis we rely on rich administrative mortgage data from the FCA’s Product Sales

Database (PSD). The PSD provides comprehensive coverage of all regulated mortgages since

2005 and contains detailed borrower and loan characteristics, making it well-suited to our

analysis.

We use the PSD to construct a district-year panel of mortgaged home purchases by FTBs.

The unit of observation is the local authority district (LAD), referred to as “district.” The

sample comprises 379 districts in England, Wales, and Scotland; Northern Ireland is excluded

due to data limitations. These districts account for 97 percent of the UK population and

98 percent of mortgage originations. Apart from Greater London, districts reflect distinct

housing and labor markets, comparable to US core-based statistical areas (CBSAs). We also

group districts into 12 major UK regions — referred to as “regions” — using the highest

level of the Nomenclature of Territorial Units for Statistics classification (NUTS 1).

The PSD provides detailed information on each mortgage, including the lender, issuance

date, loan size, property value, and postcode, alongside borrower characteristics such as buyer

type (FTB or home mover), age, income, and employment status. We map postcodes to dis-

tricts using the National Statistics Postcode Lookup (November 2018 version). All analyses

are restricted to owner-occupied FTB mortgages; buy-to-let mortgages are excluded.4

We define low–down payment mortgages as those with a down payment below 10 percent.

These are often referred to as 95 LTV or 5 percent down payment mortgages, since most

cluster near that threshold due to product pricing (Section 2). This category includes nearly

all MG mortgages and a subset of EL mortgages, since some EL borrowers opted for higher

down payments. We identify low–down payment EL mortgages by matching PSD records

with data from the UK Department for Levelling Up, Housing and Communities, following

Benetton et al. (2021).5

4In the UK, most homes are bought with a mortgage: in 2012 about 84 percent of all sales, and an even
higher share for FTBs.

5We thank the authors for sharing their programs and data with us, with the permission of the UK
Ministry of Housing, Communities and Local Government.
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To construct the financial support indicator, we use borrower income and age from the

PSD. Income is measured at the time of purchase (i.e., the income on which the lender based

its decision to provide a mortgage) and deflated to 2016 values using the Consumer Prices

Index including owner-occupiers’ housing costs (CPIH). Age is recorded at origination; for

joint mortgages we take the age of the primary mortgage holder.

To account for pre-existing differences across districts, we construct a set of pre-policy

controls measured at year-end 2009, including (log of) median income, the unemployment

rate, average house prices, and average loan-to-income (LTI) ratio. House prices are drawn

from the Land Registry Price Paid Dataset; LTI ratios from the PSD and the remaining

controls are from the Office for National Statistics. All nominal controls are deflated to 2016

values using CPIH. Variable definitions and sources can be found in Appendix Table A.2.

4 Empirical Strategy

To assess how easing borrowing constraints affects FTBs’ ability to purchase a home, we

follow Tracey and Van Horen (2021) and exploit geographic variation in ex ante HTB expo-

sure. The approach is akin to strategies used in related policy evaluations, such as Mian and

Sufi (2012), Berger et al. (2020), and Agarwal et al. (2017), where cross–regional differences

in exposure to the policy provide a counterfactual for what would have happened absent the

intervention. To examine whether the policy reduced reliance on external financial sources,

we also construct a novel measure of financial support.

4.1 Measuring Exposure to Help-to-Buy

Tracey and Van Horen (2021) exploit the idea that although HTB was implemented na-

tionally, its impact varied across districts due to pre-existing differences in local housing

markets. The policy primarily benefited liquidity-constrained households, typically younger

households or FTBs without sufficient savings. These households are not evenly spread

across the UK, but cluster in areas with more affordable housing, suitable property types,

and attractive local amenities.

Because local housing market characteristics evolve slowly, the historical reliance on

low–down payment mortgages provides a good proxy for the pool of potential buyers when

HTB was introduced. Districts with few such households serve as a natural control group, as

FTBs there were unlikely to respond. Comparing outcomes across high- and low-exposure

districts therefore isolates the marginal effect of easing borrowing constraints. This inter-

pretation assumes no spillovers from treated to control districts through migration. Tracey
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and Van Horen (2021) show that such moves unlikely explain the results.

Following Tracey and Van Horen (2021) we measure “Exposure” as the share of low-down

payment mortgages issued in a district between 2005 and 2007. We use the pre-crisis period

because low-down payment mortgages were widely available at the time, and households

who wanted one could typically obtain it. As this measure is based on pre-policy borrowing

patterns, it is plausibly exogenous to HTB and reflects latent credit constraints at the time

the policy restored access to high-LTV loans.

The validity of this measure is illustrated in the Appendix, where we replicate key figures

from Tracey and Van Horen (2021). Figure A.2 shows substantial cross-district variation:

exposure ranges from 8.7 to 42.1 percent, with a mean of 22.6 percent. Crucially, exposure is

not spatially clustered: all major UK regions contain both high- and low-exposure districts.

This allows us to use region-time fixed effects to absorb regional shocks and identify the pol-

icy’s impact from within-region variation in HTB exposure. Figure A.3 documents a strong

positive correlation between ex ante exposure and the ex post share of low–down payment

mortgages during 2013–2018. Pre-crisis low-down payment shares explain 53 percent of the

cross-sectional variation in post-2013 shares. Evidence on the timing of this response and

the absence of pre-trends in presented in Section 5.

4.2 Estimating financial support

A central innovation of our paper is the development of a proxy that can be applied to ad-

ministrative mortgage data to infer whether buyers relied on transfers. Since such transfers

are not directly observed in loan-level records, prior work has been unable to examine their

role in large-scale administrative datasets. Our measure makes this possible by classifying

as “supported” those buyers whose observed down payment exceeds what they could plau-

sibly have accumulated from their own resources under deliberately stringent assumptions.

Formally, we estimate each mortgagor’s “potential down payment savings”as:

Potential down payment savings = income× savings rate× (age− 20) (1)

where income and age are measured at mortgage origination. The savings rate is set at

23.9 percent, the peak observed during the Covid-19 lockdown in 2020 and the highest on

record, on the premise that liquidity-constrained households preparing to buy would cut back

sharply on non-essential spending. This benchmark assumes that households begin saving

at age 20, earn the same income throughout, remain continuously employed, and save at the

maximum observed rate every year. It also abstracts from expenditure shocks, borrowing or

dissaving, and any financial returns on savings.
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These assumptions deliberately exaggerate households’ saving capacity, so that the bench-

mark provides an upper bound on what could plausibly be self-financed. We assign the in-

dicator Support a value of one when the observed down payment exceeds this upper bound.

By construction, anyone classified as supported almost certainly relied on transfers, whereas

some buyers labeled unsupported may still have received some help. Our estimates therefore

represent a lower bound on the true prevalence of support. Robustness tests confirm that

the results are unchanged under less stringent assumptions.

Our proxy has clear advantages for studying the distributional effects of mortgage-market

policy. It provides a tractable way to approximate reliance on transfers in administrative

data, where such information is otherwise unobserved. Unlike survey evidence—typically

small-scale and available only at a point in time—our measure can be applied to the full

universe of UK mortgage transactions. This scale allows us to examine geographic and

temporal variation in reliance on transfers, and thereby test directly whether HTB altered

the composition of entrants into homeownership.

The measure also has natural limitations. It detects when down payments are implausibly

large relative to age and income but cannot establish the precise source of funds. External

contributions could come from parents, other relatives, friends, inheritances, investments or

windfalls. The indicator should therefore be interpreted broadly as capturing reliance on

resources beyond the buyer’s own earnings. In practice, however, parental transfers are by

far the most common form of financial support to UK FTBs, making it highly likely that

our proxy predominantly reflects the “Bank of Mum and Dad.”

4.3 Baseline specification and identification

Our empirical approach is a difference-in-differences design that exploits cross-district vari-

ation in ex ante HTB exposure. To estimate whether easing borrowing constraints helped

FTBs onto the property ladder, we use the following specification:

FTBd,t =
∑

s̸=2012 It=s × Exposured × βs + γDistrictd,t + δd + θr,t + ud,t (2)

where FTBd,t denotes the number of FTB home purchases in district d and year t and

Exposured is the district’s pre-crisis HTB exposure. Districtd,t is a vector of pre-policy

district characteristics (income, unemployment, house prices, and LTI, measured in 2009)

interacted with year dummies. Measuring these variables prior to the introduction of HTB

in 2013 ensures that they are unaffected by the policy. The model includes district fixed

effects (δd) and region-time fixed effects (θr,t). Standard errors are clustered at both the

district and region-time level. We estimate the model for 2009–2018, using 2012 as the base
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year.

To test whether HTB operated through the intended relaxation of the down-payment

constraint and shifted the composition of entrants from supported to unsupported buyers,

we extend this specification to a triple-difference design:

FTBd,t,p = β1Pret × Exposured + β2Postt × Exposured

+β3Postt × Exposured × Typep

+β4Postt × Typep + β5Exposured × Typep

+γDistrictd,t + δd + θr,t + ud,t,p

(3)

where Typep denotes either mortgage-type (low- vs. high-down payment) or buyer-type

(supported vs unsupported). Pret is an indicator for 2009–2011 and Postt for 2013–2018.

Identification rests on the assumption that, absent HTB, FTB activity would have fol-

lowed similar trends across high- and low-exposure districts within the same region, condi-

tional on controls. A potential concern is that high-exposure districts differ systematically.

Tracey and Van Horen (2021) show that exposure is positively correlated with unemploy-

ment, median income, and loan-to-income ratios in 2012, and negatively correlated with

average house prices in 2012 and income growth over 2008–2011. While such correlations

do not necessarily imply bias, they motivate a careful set of controls. Accordingly, all spec-

ifications include district fixed effects, region-year fixed effects, and pre-policy controls. We

further assess the plausibility of the identifying assumption by testing for and confirming

parallel pre-trends, and documenting that the timing of observed changes aligns with the

introduction of HTB.

As robustness, we also estimate specifications with district-year fixed effects, which absorb

all local shocks varying over time within districts. In addition, we re-estimate all specifica-

tions on a propensity-score matched sample that balances observables between high- and low-

exposure districts, using as matching covariates the significant correlates noted above. This

procedure matches 91 high-exposure districts (above-median exposure) to 91 low-exposure

counterparts (below-median exposure) and yields results consistent with our main findings.

Before turning to the results, it is useful to note a few patterns from the summary

statistics in Table 1. Average FTB sales rose sharply in the post-HTB period, consistent

with the aggregate recovery in entry that motivates our analysis. The share of buyers

classified as supported fell from 25 to 18 percent, indicating reduced reliance on transfers

following the reopening of the 95 LTV segment. Average income increased modestly, in line

with the compositional shifts documented below. Taken together, these descriptive statistics

suggest that HTB not only expanded overall entry but also altered the characteristics of new

buyers, patterns that we explore more formally in the next section.
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5 Results

5.1 The Effect on Homeownership

Having outlined our empirical design, we now turn to the estimates from Equation 2. The

coefficients βs capture how FTB purchases evolved across districts with differing levels of

HTB exposure. Figure 3 plots these dynamics: the top panel reports estimates without pre-

policy controls, the bottom panel includes them. In both cases, coefficients in the pre-HTB

period are close to zero and statistically insignificant, consistent with parallel trends across

districts. Beginning in 2013, purchases increase more strongly in high-exposure districts,

with the divergence becoming pronounced in 2014 as both HTB schemes took full effect.

The gap persists through 2018, leveling off from 2016 as the market for 95 LTV mortgages

recovered (Carney 2016). The relatively modest effect in 2013 likely reflects the lag between

purchase initiation and completion, as well as the late rollout of the MG scheme that year.

The pattern is consistent with Tracey and Van Horen (2021), who document similar dynamics

for both FTBs and movers. Overall, the results indicate that HTB successfully enabled more

FTBs to purchase a home.

The effect is economically meaningful. In 2013, FTB purchases in a district with average

HTB exposure were about 16 percent higher than in a district with the minimum exposure,

relative to their 2012 levels. By 2018, this gap had widened to 47 percent, consistent with

the easing of borrowing constraints allowing some households to bring purchases forward

and others to enter the market who would otherwise have remained excluded. Our estimates

do not capture intensive-margin adjustments, such as upgrading to larger or better-located

homes, since these leave the number of transactions unchanged.
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Figure 3: The Effect of HTB on First-time Buyer Home Purchases

Notes: The figure presents estimates of βt from Equation 2, where the outcome variable FTBd,t equals the
number of FTB home purchases in a given district and year. The base year is 2012. The top panel shows
estimates without pre-policy controls; the bottom panel includes them. Standard errors, clustered at the
district and region-time level.
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Column 1 of Table 2 shows the baseline results, allowing the impact of HTB to vary by

down payment category where ≥ 15 percent down payments is the base category. The triple

interaction for mortgages with a 5 percent down payment is by far the largest and highly

significant, showing that the increase in FTBs is primarily driven by households entering

with the minimum down payment. The 10 percent category also shows a positive and sig-

nificant coefficient, but the magnitude is much smaller. This is consistent with the fact that

the EL scheme also permitted higher down payments, and about 25 percent of households

contributed more than the 5 percent minimum (Benetton et al., 2021). Importantly, the

double interaction term is insignificant, indicating no effect on FTB mortgages with higher

down payment sizes.

Columns 2 through 4 show that the results are robust across a range of alternative specifi-

cations. Column 2 adds district–time fixed effects, with stable estimates suggesting that the

increase in FTB sales was not driven by unobserved district-level trends. Column 3 excludes

London, where housing market dynamics differ markedly due to international and buy-to-let

investors; the results remain robust and even somewhat larger. Column 4 re-estimates the

model on the propensity-score matched sample of high- and low-exposure districts, again

yielding statistically significant effects for 5 percent down payments. Column 5 accounts

for the cap on high-LTI lending introduced in 2014, which may reduced credit supply in

districts more exposed to constrained lenders. Using the exposure measure of Peydro et

al. (2024), adapted to the district level, we find that controlling for this channel leaves the

results unchanged, consistent with most low-down-payment mortgages falling below the LTI

threshold. Taken together, these results validate that the aggregate increase in homeown-

ership documented in Figure 3 stems almost entirely from the reopening of the 95 LTV

segment.

To gauge the aggregate implications, we use the estimates from Equation 2 to compute

the number of additional households able to enter homeownership during the HTB period.

Following the approach of Berger et al. (2020) and Mian and Sufi (2012), we compare each

district’s exposure with that of the least-exposed district and sum the implied excess pur-

chases across all districts. We estimate that approximately 460,000 additional households

became homeowners between 2013 and 2018, equivalent to 26 percent of all FTB transac-

tions during this period. Put differently, the policy raised annual FTB transactions by about

37 percent relative to their 2012 level. These numbers should not be interpreted as aggre-

gate general-equilibrium effects, since our empirical design does not capture economy-wide

spillovers of the intervention (Nakamura and Steinsson, 2014).
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Figure 4: Financial Support and Down Payment Size for First-time Buyers

Notes: The figure plots the share of FTBs classified as having likely financial support by down-payment size.
Support equals one when the buyer’s observed down payment exceeds what the buyer could plausibly have
saved independently based on their age and income.

5.2 Distributional Effects: Supported vs Unsupported Buyers

Building on the evidence in the previous section that HTB raised FTB purchases by reopen-

ing the market for low–down payment mortgages, we now ask whether this easing reduced

the role of external financial support in enabling entry into homeownership. When down

payment requirements bind, liquidity shortfalls must typically be bridged by transfers from

parents, other relatives, or friends, or from windfalls such as inheritances or investment

gains. Lowering the required down payment should therefore lessen reliance on such funds

and allow more households without support to buy a home. Using the financial-support

proxy introduced in Section 4.2, we can test this prediction directly.

5.2.1 Stylized Facts

Before turning to the regression analysis, it is useful to examine how reliance on financial

support varied before HTB. Using our conservative proxy, we estimate that in the years

prior to the policy 25 percent of FTBs required outside funds to meet the down payment.

After the introduction of HTB, the share dropped to 18 percent. Beyond these averages,
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Figure 5: Financial Support by Income Quintile and Time for First-time Buyers

Notes: The figure shows how the proportion of first-time buyers with likely financial support varies by time
period and by the income quintile. Support equals one when the buyer’s observed down payment exceeds
what the buyer could plausibly have saved independently based on their age and income. Income quintiles
are calculated at the district level using 2012 data.

two patterns emerge.

First, the incidence of financial support is tightly linked to down payment size. Figure

4 shows that at low down payments (5–10 percent) only a small fraction of FTBs relied on

outside funds. The share then rises steadily with down payment size, reaching about one-

quarter for 15–25 percent down payments and exceeding 50 percent once down payments

surpass 40 percent. In other words, households without access to financial support dispro-

portionally rely on low-down payment mortgages. Consistent with this pattern, Benetton

et al. (2022) document that children whose parents withdraw housing equity at the time of

purchase tend to take out lower-LTV loans.

Second, reliance on financial support declines systematically with income. Figure 5 shows

that before HTB, more than half of FTBs in the lowest income quintile relied on outside

funds to purchase a home, compared with only about 5 percent in the highest quintile.

This gradient reflects the limited ability of lower-income households to accumulate sufficient

savings on their own and is consistent with US survey evidence that interfamily transfers

are more common among households with lower current income (Engelhardt and Mayer
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1996; Cox 1990). Put differently, lower-income households that did purchase a home were

especially likely to rely on transfers. After HTB’s introduction, the share of supported

buyers declined across all quintiles, consistent with the reduced need for transfers once

down-payment requirements were eased.

Taken together, these patterns indicate that reopening the 95 LTV market under HTB

relaxed down-payment constraints in a way that disproportionately benefited households

without access to financial support. By lowering the required down payment, the policy

reduced reliance on transfers and opened the door to buyers who otherwise would have been

excluded from homeownership. The natural implication is a sharp prediction: the surge in

FTB purchases should be driven by unsupported households. In the next subsection, we test

this prediction formally.

5.2.2 Regression Evidence

We use the triple-difference-in-differences framework outlined in Section 4.3 and re-estimate

Equation 3 with Typep defined by the financial-support indicator. The dependent variable

FTBd,t,p thus equals the number of mortgaged home purchases in district d and year t by

FTBs classified as supported or unsupported. Table 3 reports the results.

Column 1 shows a clear pattern: the double interaction is positive and significant, while

the triple interaction is negative, significant and of similar magnitude. This implies that

the overall increase in FTB purchases under HTB was driven almost entirely by households

without financial support. In aggregate, unsupported buyers experienced a 47 percent rise

in mortgage originations relative to 2012, whereas supported buyers show no meaningful

response. Point estimates suggest an 11 percent decline for supported households, but this

effect is not statistically different from zero. This muted response is consistent with the

fact that supported buyers typically make larger down payments and are less dependent on

high-LTV mortgages.

Columns 2–5 confirm the robustness of our findings. The estimates remain stable when

we add district–year fixed effects, adopt a less stringent definition of support (setting the

savings rate equal to twice the 2012 average of 8.3 percent), exclude London, or restrict the

sample to propensity-score matched high- and low-exposure districts. Taken together, the

evidence shows that HTB primarily expanded access for households who could not rely on

external support to fund their down payment.

This shift in composition naturally raises the question whether the income distribution of

new entrants changed. As documented in Section 5.2.1, reliance on financial support declines

systematically with income. If unsupported buyers were the main beneficiaries of HTB, then

the policy should also have shifted the income distribution of new entrants to the right.
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To test this, we re-estimate Equation 3, replacing the financial-support indicator with

income quintiles as the source of heterogeneity. The dependent variable FTBd,t,p is the

number of FTB mortgages in district d, year t and income group p. Quintiles are defined at

the district level using 2012 data to reflect local, rather than national, income distributions.

Table 4 presents the results.

Column 1 shows that all income groups benefited from HTB, with positive and signifi-

cant coefficients throughout. The pattern is non-monotonic: effects for the second and third

quintiles are roughly twice as large as for the first and nearly identical to each other. The

effect then increases further for the fourth quintile and peaks for the top quintile. In aggre-

gate terms, HTB enabled about 15 percent more households in the bottom quintile to buy,

compared with 30 percent in the second and third, 40 percent in the fourth, and 68 percent

in the fifth. Thus, while the policy supported entry across the distribution, higher-income

households responded much more strongly.

Columns 2–4 confirm the robustness of these results when we replace district and re-

gion–year fixed effects with district–year fixed effects, exclude London, or use propensity-

score matched districts. Coefficients vary somewhat in magnitude across specifications, but

the overall conclusion, that higher-income groups were the main beneficiaries, remains un-

changed.

Table 5 combines income and financial support. Across all quintiles, the double interac-

tion is positive and significant, while the triple interaction is negative and significant, indicat-

ing that the policy’s impact was concentrated among unsupported buyers. The largest effect

emerges in the top quintile, where unsupported buyers are disproportionately represented.

These patterns explain the rightward shift in the income distribution of new entrants: re-

opening the 95 LTV market enabled income-rich but liquidity-constrained buyers who lacked

external support to access homeownership.

Our proxy does not reveal the exact source of outside funds and should be read broadly

as reliance on resources beyond buyers’ own savings. Since parental transfers (the “Bank of

Mom and Dad”) are the dominant form of assistance for UK FTBs, the proxy is likely to

capture these in particular. The results therefore suggest that easing borrowing constraints

through HTB diminished the role of family wealth in determining access to homeownership.

6 Conclusions

This paper studies how easing mortgage borrowing constraints affects who is able to become

a homeowner. We analyze the UK Help-to-Buy program, which reopened the 95 LTV market

by lowering the effective minimum down payment from 10 to 5 percent, and introduce a new
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proxy for financial support that can be applied to administrative mortgage data. This allows

us to distinguish between buyers who likely relied on transfers and those who financed their

purchase independently, providing a new way to study the distributional consequences of

mortgage market interventions.

Our results show that the gains from HTB were concentrated among unsupported house-

holds. Mortgage originations by these buyers rose by nearly 50 percent, while supported

buyers showed no meaningful response. Because unsupported entrants typically have higher

incomes, this also produced a rightward shift in the income distribution of new homeowners.

While our proxy cannot identify the precise source of external funds, financial assistance to

UK FTBs most often comes from parents—the “Bank of Mom and Dad.” The results are

therefore best interpreted as evidence that easing borrowing constraints weakened the role

of family wealth in shaping access to homeownership.

These findings carry clear policy implications. Lowering the down payment requirement

can reduce wealth-based barriers to homeownership, but it also raises the share of high-

LTV loans and may increase vulnerabilities in a downturn, highlighting a familiar trade-off

between broadening access and containing leverage-related risks. Evidence from related

interventions suggests these risks need not materialize mechanically though. For example,

FTBs induced by the US First-Time Homebuyer Credit were no more likely to default

than adjacent cohorts (Berger et al., 2020). More broadly, our results show that mortgage

market interventions not only expand the number of homeowners but also reshape who

enters, shifting the composition of new buyers along wealth and income lines. Recognizing

this distributional channel is essential for understanding how credit policies alter access to

homeownership and, with it, households’ opportunities to build housing wealth.
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Table 1: Summary Statistics

Pre Help-to-Buy Post Help-to-Buy

Variable Name (Unit) Mean Median Std. Dev. Mean Median Std. Dev.

Panel A: District-level Variables

HTB exposure (%) 22.68 22.01 6.61 22.68 22.01 6.61

First-time buyer sales 490 363 387 762 584 537

Sales with Financial Support 119 88 103 136 102 119

Sales without Financial Support 371 273 296 626 480 444

Panel B: Loan-level Variables

Financial Support (%) 24.64 0.00 43.09 17.80 0.00 38.25

Household Income (£) 44,709 36,967 35,398 47,060 39,542 34,558

Age 30.76 29.00 7.81 31.28 30.00 7.38

Notes: The table presents summary statistics for the key variables used in our analyses. Summary statistics
are reported for the pre-HTB period (2009–2012) and the post-HTB period (2013–2018). There are 379
UK districts included in our sample. In the pre-HTB period, there are 1,508 district-level observations and
766,690 loan-level observations. In the post HTB period, there are 2,262 district-level observations and
1,809,381 loan-level observations. Household income is deflated to 2016 values.
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Table 2: The Effect of HTB on First-time Buyer Home Purchases by Down Payment

All Districts All Districts Excl. London Propensity Score All Districts

(1) (2) (3) (4) (5)

Pret × Exposured -0.032

(0.063)

Postt × Exposured 0.056

(0.131)

Postt × Exposured ×Down Payment10% 0.322*** 0.322*** 0.455*** 0.169 0.486**

(0.104) (0.080) (0.055) (0.171) (0.220)

Postt × Exposured ×Down Payment5% 0.841*** 0.847*** 0.978*** 0.930*** 0.980***

(0.136) (0.110) (0.098) (0.250) (0.259)

Postt × LTI Exposured ×Down Payment10% -0.116

(0.420)

Postt × LTI Exposured ×Down Payment5% 0.261

(0.482)

Model Statistics

N 11303 11303 10373 5457 11350

R2 0.708 0.961 0.960 0.960 0.7700

Control Variables

Postt ×Down Paymenti Yes No No No No

Exposured ×Down Paymenti Yes No No No No

Pre-policy Controls × Time Fixed Effects Yes n/a n/a n/a n/a

Fixed Effects

District Yes No No No No

Region × Time Yes No No No No

Down Payment Yes No No No No

District × Time No Yes Yes Yes Yes

District × Down Payment No Yes Yes Yes Yes

Time × Down Payment No Yes Yes Yes Yes

Notes: The table presents coefficient estimates for Equation 3 for 2009–2018, showing the effect of HTB on
FTB home purchases by down payment size. Pre equals 1 for 2009–2011, Post for 2013–2018, with 2012
as the base year. Exposure is the district share of low-down payment mortgages in 2005–2007. Column 3
excludes London districts, Column 4 uses the propensity-score matched sample and Column 5 accounts for
the cap on high-LTI lending introduced in 2014. Standard errors, clustered at the district and region-time
level, are shown in parentheses. ***, **, and * indicate statistical significance at the 1 percent, 5 percent
and 10 percent confidence level, respectively.
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Table 3: The Effect of HTB on First-time Buyer Home Purchases by Financial Support

All Districts All Districts Alt. Support Excl. London PSM

(1) (2) (3) (4) (5)

Pret × Exposured -0.074

(0.069)

Postt × Exposured 1.390***

(0.180)

Postt × Exposured × Support -1.360*** -1.360*** -1.318*** -1.387*** -1.442***

(0.160) (0.143) (0.140) (0.149) (0.293)

N 7540 7540 7540 6920 3600

R2 0.824 0.949 0.941 0.955 0.947

Control Variables

Postt × Support Yes No No No No

Exposured × Support Yes No No No No

Pre-policy Controls × Time Fixed Effects Yes n/a n/a n/a n/a

Fixed Effects

District Yes No No No No

Support Yes No No No No

Region × Time Yes No No No No

District × Time No Yes Yes Yes Yes

District × Support No Yes Yes Yes Yes

Time × Support No Yes Yes Yes Yes

Notes: The table presents coefficient estimates for Equation 3 for 2009–2018, showing the effect of HTB
on FTB home purchases by financial support status. Pre equals 1 for 2009–2011, Post for 2013–2018, with
2012 as the base year. Exposure is the district share of low-down payment mortgages in 2005–2007. Support
equals 1 when the buyer’s down payment exceeds what could plausibly have been accumulated from own
resources based on age and income. Column 3 uses a less stringent definition of financial support, Column
4 excludes London districts, and Column 5 uses the propensity-score matched sample. Standard errors,
clustered at the district and region-time level, are shown in parentheses. ***, **, and * indicate statistical
significance at the 1 percent, 5 percent and 10 percent confidence level, respectively.
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Table 4: The Effect of HTB on First-time Buyer Home Purchases by Income Group

All Districts All Districts Excl. London PSM

(1) (2) (3) (4)

Pret × Exposured -0.030

(0.028)

Postt × Exposured 0.110*

(0.060)

Postt × Exposured × Income Quintile 2 0.111*** 0.065*** 0.070*** 0.136***

(0.023) (0.020) (0.020) (0.037)

Postt × Exposured × Income Quintile 3 0.112*** 0.056** 0.065** 0.178***

(0.033) (0.027) (0.027) (0.056)

Postt × Exposured × Income Quintile 4 0.192*** 0.130*** 0.127*** 0.368***

(0.056) (0.047) (0.044) (0.088)

Postt × Exposured × Income Quintile 5 0.425*** 0.342*** 0.281*** 0.699***

(0.089) (0.083) (0.068) (0.163)

N 18850 18850 17300 9000

R2 0.853 0.933 0.948 0.932

Control Variables

Postt × Income Quintilei Yes No No No

Exposured × Income Quintilei Yes No No No

Pre-policy Controls × Time Fixed Effects Yes n/a n/a n/a

Fixed Effects

District Yes No No No

Income Quintile Yes No No No

Region × Time Yes No No No

District × Time No Yes Yes Yes

District × Income Quintile No Yes Yes Yes

Time × Income Quintile No Yes Yes Yes

Notes: The table presents coefficient estimates for Equation 3 for 2009–2018, showing the effect of HTB on
FTB home purchases by buyer income quintile. Pre equals 1 for 2009–2011, Post for 2013–2018, with 2012 as
the base year. Exposure is the district share of low-down payment mortgages in 2005–2007. Income Quintilei
is a dummy variable equal to 1 for FTBs in quintile i, based on the district-level income distribution in 2012.
Column 3 excludes London districts and Column 4 uses the propensity-score matched sample. Standard
errors, clustered at the district and region-time level, are shown in parentheses. ***, **, and * indicate
statistical significance at the 1 percent, 5 percent and 10 percent confidence level, respectively.
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Figure A.1: Interest Rate Spread for Low-Down Payment Mortgages

Notes: The figure plots the average interest rate spread of low (5 percent), 10 percent and 15 percent
mortgages, relative to 25 percent down payment mortgages.The shaded area indicates the period that HTB
is in effect.
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Figure A.2: HTB Exposure across the UK

Notes: The figure shows the geographic distribution of HTB exposure across UK districts; darker shading
indicates higher exposure. Source: Tracey and Van Horen (2021).
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Figure A.3: HTB Exposure and Ex Post Low-Down Payment Mortgages

Notes: The figure plots the relationship between HTB exposure and the share of low–down payment mort-
gages in 2013–2018 at the district level. Blue dots show a binscatter, where districts are grouped into 20
equal-sized bins based on HTB exposure and the mean of each variable is plotted for each bin; grey dots
depict individual districts. The dashed line shows the fitted regression line. Source: Tracey and Van Horen
(2021).
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Table A.1: The Help-to-Buy Program Requirements

Requirements Equity Loan (EL) Mortgage Guarantee (MG)

Period Q2 2013 - Q4 2020 Q4 2013 - Q4 2016

Minimum down payment 5% 5%

Government Participation Government equity loan of 20% (40%

in London from 2016)

Government guarantees 20% of

mortgage made by lender

Qualifying Property New builds

Value < £600k (£300k in Wales)

Any property

Value < £600k

Qualifying Borrowers First-time buyers and home movers First-time buyers, home movers and

remortgagors

Qualifying Loan LTI ratio < 4.5

Ratio excludes EL component

LTI ratio < 4.5

Ratio includes MG component

Notes: The table describes the requirements for the two main Help-to-Buy program schemes: the Equity
Loan (EL) scheme and the Mortgage Guarantee (MG) scheme. The requirements apply to the property,
loan features and buyer-types. Source: Tracey and Van Horen (2021).
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Table A.2: Variable Descriptions and Sources

Variable Name Variable Description Data Source

Loan-level Variables

Low Down Payment Takes the value 1 if down payment 5 percent or less

and 0 otherwise

Product Sales Database, UK

DLUHC

Likely Financial Support Takes the value 1 when the buyer’s down payment

exceeds what could plausibly have been accumulated

from own resources based on age and income

Product Sales Database

Income Quintiles Determined by district-level income distribution in

2012

Product Sales Database

Household Income Gross household income, including main and second

borrower

Product Sales Database

Age Age of main borrower Product Sales Database

District-level Variables

Exposure Share of low-down payment mortgages issued

between 2005 to 2007

Product Sales Database

LIT Exposure Share of mortgages issued by LTI-constrained lenders

in 2012, i.e. lenders issuing more than 15% of

mortgages with LTI ≥ 4.5 in 2012.

Product Sales Database

First-time Buyer Sales Total number of mortgaged first-time buyer sales Product Sales Database

Unemployment Rate Model-based estimates of unemployment rate in 2009 Office for National Statistics

Median Weekly Income Median gross weekly pay for all workers in 2009 Office for National Statistics

Average House Price Average house price for all house transactions in 2009 Land Registry House Price

Index Data

Average Loan-to-Income Ratio Average loan-to-income ratio across all home-buyers

in 2009

Product Sales Database
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